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Application and Optimization

of Automatic Tuning Technology in Smart Campus Database

TIAN Hao
(Liaoning Finance Vocational College, Shenyang, Liaoning, China 110122)

Abstract: This paper analyzes the main problems in the MPP database applied in the construction of smart campus data

platform, then proposes to apply OtterTune which is automatic database tuning technology based on machine learning to the tuning

process, and puts forward a new algorithm and solution to the problem that the load characterization of MPP architecture database is

not accurate enough. Finally, the performance of the new algorithm is analyzed. The result shows that the tuning effect is promoted.

Keywords: smart campus; MPP database; automatic database tuning; automatic parameter tuning; multi-node load

characterization
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